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ABSTRACT  No matter how strong the theoretical infrastructure of a study is, if the measurement instruments do not
have the necessary psychometric qualities, there will be a question of trust in interpreting the findings,
and it will be inevitable to make wrong decisions with the results. One of the important steps in scale
development/adaptation studies is to provide evidence of the experimental validity. In order to reveal
evidence of construct validity of Likert type scales, to identify factor structures, to confirm previously
predicted structures, factor analysis is used. The primary issue to be examined is the level of
measurement of the variable and one of the leading decisions that must be taken is which relation matrix
will be used. This descriptive research is based on the effects of using Pearson or polychoric correlation
matrix in the factor analysis. It is determined that items showed different "item-total correlations",
"loading values" and “correlation coefficients”, different factor numbers emerged, different items were
removed out of the scale, confirmation status of the structure has changed.
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Likert tipi 0l¢eklerin yap1 gecerliginin belirlenmesi siirecinde
polikorik ve Pearson korelasyon matrisinin kullanimi

0Z Bir bilimsel ¢alismanin teorik altyapist ne kadar saglam olursa olsun kullamlan 6lgme araglari gerekli
psikometrik nitelikleri tasimiyorsa, bulgularin yorumlanmasinda giiven problemi olacak, elde edilen
sonuglarla yanlis kararlar alinmasi ise kagiilmaz olacaktir. Olcek gelistirme-uyarlama galismalarinda,
kuskusuz en 6nemli adimlardan biri, aracin psikometrik niteliklerine dair deneysel gecerlilik kanitlarmin
ortaya konmasidir. Bu niteliklerden biri de yap1 gegerligidir. Likert tipi 6lgek gelistirme-uyarlama
calismalarinda, yap1 gegerligine iligkin kanitlarin ortaya konmasi, faktor yapilarmin ortaya ¢ikarilmasi
ya da daha 6nceden kestirilen faktdr yapilarinin dogrulanmasi amaciyla faktor analizi kullanilir. Faktor
analizi 6ncesinde sorgulanmasi gereken hususlarin baginda verilerin hangi l¢ek diizeyinde toplandig:
gelmektedir. Analiz siirecinde almmas: gereken onemli kararlardan biri ise hangi iliski matrisinin
kullanilacagidir. Faktor analizinde, Pearson ya da polikorik korelasyon matrisi kullanmanin analiz
sonuglari iizerindeki etkisini incelemeyi ve sonuglarini karsilastirmayi temel alan bu arastirma betimsel
bir aragtirmadir. Farkli korelasyon matrisi temelli faktor analizi sonuglarinin birbirinden farklilastigs,
maddelerin farkli “madde toplam korelasyonu”, “yiik degeri” ve farkli yonde korelasyon degeri
gosterebildigi, farkli faktor sayilarinin ortaya ¢iktigi, farkli maddelerin 6lgek disinda birakilabildigi ve

test edilen yapinin dogrulanma durumunun degistigi belirlenmistir.

Anahtar  Faktor analizi, Polikorik korelasyon matrisi, Pearson korelasyon matrisi, Likert tipi olgekler, Yapt
Kelimeler:  gecgerligi
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INTRODUCTION

Psychological measurement instruments are used in many fields of social sciences, which study human
behaviors, especially in psychology, educational sciences and sociology, and also in psychiatry, which
has a close relationship with social sciences, within its biopsychosocial model. In general terms,
psychological tests are systematic approaches that provides information about individuals’ abilities,
skills, performances, motivations and attitudes, and contribute to make various decisions according to
what is obtained from them (Oner, 1987). Studies regarding scales have an important place in every area
where psychological activities are conducted.

There are numerous measurement instruments, which have been developed or adapted for different
purposes. In addition to the existing ones, there is need to new instruments to be used in the new studies,
which especially assess different psychological features, and which can be used for different samples
and age groups etc. This need is met through the development of new measurement instruments or
adaptation of the existing ones. While both methods have advantages and disadvantages, the most
important thing is that validity, reliability and even possible standardization evidences should be
established for these instruments by use of appropriate methods and following the correct processes. No
matter how strong the theoretical infrastructure of a scientific study is, if the measurement instruments
that are used to collect data do not have the necessary psychometric qualities, there will be a question
of trust in interpreting the findings obtained by that study, and it will be inevitable to make wrong
decisions with the results obtained from the application of these instruments.

Undoubtedly, one of the most important steps in scale development or adaptation studies is to provide
evidence of experimental validity of the psychometric properties of the developed or adapted instrument
(Crocker & Algina, 2008). In this context, it is necessary to examine whether the instrument measures
the intended feature exactly and accurately. The determination of other psychometric qualities of a scale
can be done after this examination. Healthy and precise decisions about the scores to be drawn from the
application of an instrument can only be taken in the light of the validity evidences.

The notion of validity, which began to evolve in the 1930s thanks to the efforts of practitioners who
wanted to break hegemony of the academics in the American Psychological Association (APA), was
first defined in 1954 in testing standards report published by a commission established by the American
Educational Research Association (AERA), the American Psychological Association (APA), and the
National Council on Measurement in Education (NCME) (AEAB, APB, EOUK, 1997). Although the
scope is defined under four categories, namely the content, predictive, concurrent and construct validity,
some researchers argue that the concept of validity must be gathered under the framework of construct
validity through ongoing discussions (Cronbach & Meehl, 1955; Cronbach, 1984; Messick, 1988, 1993;
Sencan, 2005; Urbina, 2014). The investigation process of construct validity is not much different from
following the general scientific procedures for development and/or confirmation of a theory (Lemke and
Wiersma, 1976). In addition, all the information provided by any validity procedure is relevant to
construct validity (Anastasi, 1988). This gives construct validity both a comprehensive status, and also
importance and reliability. Therefore, the rest of the validity types can be subsumed under the concept
of construct validity. Construct validity has also been associated with factor analysis, which is the most
commonly used method to obtain evidence of such validity by many researchers who have even used
the concept of factor validity instead of construct validity (Nunnally and Bernstein, 1994).

In scale development and adaptation studies in behavioral sciences; Factor Analysis (FA), which is one
of the multivariate statistical methods that Nunnally and Bernstein (1994, p. 111) defined as the heart of
the measurement of psychological constructs to reveal evidence of construct validity, to identify factor
structures, or to confirm previously predicted factor structures, is used. FA is used in a large number of
scientific studies dealing with complex research questions along with other multivariate statistics.
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Naturally, in the social sciences such as education, psychology and sociology, where multiple variables
are being studied simultaneously and the univariate statistical processes are insufficient to explain;
multivariate methods such as multivariate analysis of variance, regression analysis, discriminant
analysis, multidimensional scaling and factor analysis are needed. Assuming that these methods together
constitute a conceptual basis of the topics covered in scientific research and an arch-like structure that
leads to the understanding of causality principles, it can be said that the keystone of this structure is the
"factor analysis" (Cattell, 1978).

The purpose of this research is to compare the effect of using Pearson or polychoric correlation matrix
on the results of the factor analysis, which is applied in order to provide evidence of construct validity
during the development process of likert type scales used in social sciences. Although, similar studies
aiming to illustrate the advantages of using polychoric rather than Pearson correlations by means of
simulation studies held in the field (Holgado-Tello et al., 2010), one of the most important points that
differentiates this study from the previous ones is working with real data. Also some new issues in the
scope of this study, such as number of items remained and items’ additivity states, which were not
analyzed in previous simulation studies, increases the importance of this work.

Factor Analysis

In data reduction with FA, unlike many statistical methods that are used to examine the relationship
between dependent and independent variables, there is a summarizing process that aims to understand
the underlying cause-and-effect relationships in data sets. Gorsuch (1974) stated that the main purpose
of the FA is to develop both the theoretical constructs in a particular field and to reveal the operational
representatives of these theoretical constructs. Cattell's (1978, p. 4) definition of FA as the queen of
correlational methods is supportive of Pedahazur and Schmelkin’s (1991) argument, which states that
one of the best method to be used in examining the internal structure of a group of variables or indicators
is the factor analytical method. It can be argued that the FA is a statistical technique used to demonstrate
construct validity (Atilgan, Kan, & Dogan, 2006; Crocker & Algina, 2008; Bowden, 2004; Erkus, 2003;
Kieffer, 1999; Pedhazur & Pedhazur Schmelkin, 1991; Urbina, 2014). The information obtained in the
FA provides a road map for subsequent validity and reliability studies and other statistical analyses to
be performed on the basis of the scores obtained from the measurement instrument (Cokluk,
Sekercioglu, & Biiyiikoztiirk, 2010, p.177).

Factor analysis, one of the multivariate statistical methods with a wide range of applications, was
developed for use in the field of psychology with the groundbreaking studies of Pearson (1901) and
Spearman (1904) at the very beginning of the 20th century. However, it has been used in various
scientific fields since the second half of the 20th century. Factor analysis is a set of methods rather than
a specific scientific method for determining the fundamental dimensions of a data matrix structure. In
particular, researchers, who need to explain an individual's behavior, intelligence, and abilities in a
mathematical model, have been compelled to develop this scientific method (Albayrak, 2006, p. 107).

Factor analysis can also be defined as a multivariate statistic that aims to find and discover a smaller
number of conceptually meaningful new variable(s) by combining a large number of interrelated
variables (Biyiikoztiirk, 2002). It is divided into two general categories: "exploratory factor analysis"
and "confirmatory factor analysis". The exploratory factor analysis attempts to discover the connection
between observed variables with unknown latent variables, while the confirmatory factor analysis
attempts to confirm the aforementioned structure with the data obtained from the measurement
instruments (Cokluk, Sekercioglu, & Biiyiikdztiirk, 2010). In addition to these two types of factor
analysis, in modern factor analysis we see hybrid factor analysis, in which confirmatory rotation
methods are used after extraction method (as cited in Henson & Roberts, 2006, p. 395).
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Exploratory Factor Analysis (EFA)

When solving the encountered problems, humankind try to reach the solution by reducing the total work.
Known as “the Least Effort Law" in the scientific world, we find this theory in all scientific fields as an
attempt to explain the most by using the least. Behavioral scientists also try to explain the observed
variables with fewer latent variables. In doing so, they use exploratory factor analysis to derive new and
independent k variables (factor), equal or less, by taking advantage of the correlation or covariance
matrix attained from data set which consists of j associated variables (Ozdamar, 2013). Since latent
structures or factors are thought to summarize the observed variables, they are closely related to the
evaluation of the validity of the theory development and observed scores. Theorizing and measurement
of structures are processes linked to each other through organic bonds (Henson & Roberts, 2006). As
pointed out by Kieffer (1999), the use of factor analytical techniques in social sciences has been
integrated with the evaluation of construct validity of both theory development and measurement.
Whatever the purpose of the use of exploratory factor analysis is, the significance of the latent variables
is directly related to researchers’ definition. As Mulaik (1987) states, it is not the EFA that defines things
about psychological features such as intelligence, personality, but it is actually the researchers
themselves who make definitions for taking decisions about how to use such concepts. The analytical
results, as Thompson and Daniel (1996) argue, will provide information for the definitions to be made,
but nevertheless the researcher has full responsibility for the decisions made in this elaboration process.
At this point, the role of exploratory factor analysis does not go beyond being a tool. For these reasons,
researchers’ decisions are needed to be thought thoroughly in the process of exploratory factor analysis
(Henson & Roberts, 2006).

Despite having a fairly wide range of uses, the use of exploratory factor analysis in research is under
serious criticism (Fabrigar, Wegener, MacCallum, & Strahan, 1999). Most of these criticisms focus on
the subjective decision-making necessity arising from the nature of analysis during the execution of
exploratory factor analysis. Tabachnick and Fidell (2013) described the absence of a criterion variable
that could be used to test outcomes as one of the problems experienced in factor analysis. The
interpretation of the analysis results is, to a large extent, based on the presumed judgments of the
researchers, who are also assumed to know the analysis sufficiently.

Researchers, who will apply exploratory factor analysis in their studies, should question some basic
concepts, follow certain steps in the analysis process, and make decisions throughout the process. In
addition to these, they need to be able to master accurate and complete reporting practices in order to
increase the contributions they will make to the literature and to the subsequent studies.

At the beginning of the analysis, the primary issues to be examined are the level of measurement of the
data, sampling size, missing values and/or outliers, normality, linearity, multi-collinearity and
singularity. How to determine the sample size, and whether it is sufficient or not; how to follow a path
if there are missing values and/or outliers; how to test the normality of the data, how to obtain useful
results from the data set in cases where the normal distribution cannot be obtained, and how to
differentiate conditions where the multivariate normal distribution is a necessity are the issues
researchers consider.

In the process of analysis, the leading decisions that must be taken by the researchers are; which relation
matrix (which correlation matrix or variance-covariance matrix) will be used, which factors in predicting
factor/factorization method to be used (main/principal component method, basic/common factor
analysis, maximum likelihood method, generalized least squares method, principal axis factorization
method, alpha factorization method, image factorization method), which rules will be based on when
determining the number of factors (Kaiser criterion/rule-all factors with eigenvalues greater than one,
Cattell Scree test or scree plot, explained variance criterion, Joliffe’s criterion), in which cases the factor
rotation to be applied, while doing this which rotation method (orthogonal or oblique) will be selected
(varimax, quartimax and equamax or direct obligues and promax), and the theoretical and practical basis
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for the decisions that might largely differentiate results, assumptions and the advantages and
disadvantages should also be known.

Confirmatory Factor Analysis (CFA)

In contrast to EFA, which produces theory, CFA is another factor analysis method that tests the theory.
The factor analysis method, which is used to reach the answers of the questions, such as whether the
relation between the factors belonging to a structure revealed by EFA and the variables are sufficient or
not, which variables are related to which factors, whether the factors are independent of each other,
whether these factors are sufficient enough to explain the original structure, is called CFA (Ozdamar,
2013).

Exploratory factor analysis is used to reveal the best factor model for the observed data set when
researchers do not have any idea of the underlying factors before the application of a psychometric
measurement instrument. On the other hand, in the event that there is a previously defined and bounded
structure, in other words a hypothesis about the underlying factors, then the methodology that the
researchers refer to when testing this model/factor structure systematically is confirmatory factor
analysis (Bryant, Yarnold, & Michelson, 1999). CFA is used to test a previously validated and reliable
instrument’s usability in a new culture, in a field, and/or to a target group. It has been indicated that
CFA is a more appropriate method to be used by researchers in assessing the construct validity
(Stapleton, 1997), and it has been emphasized that between the two main factor analytical methods, CFA
is both theoretically more important and should be used more widely (Gorsuch, 1983).

CFA offers important advantages such as comparing the different factorial structures put forth by EFA,
providing an opportunity to correct the conceptual and statistical susceptibility of the model, which has
been thought to be weak, by transforming it into an improved model with a more reliable and efficient
structure.

As in the EFA, it is necessary for the researchers to be in control of a number of issues to be done before
and after the analysis in the CFA, and also accurate and complete reporting practices in order to increase
the contributions they will provide to the literature and for the follow-up studies.

Before CFA, the relationship matrix to be used depending on the level of measurement of the data
available should be determined. The analysis then begins with a description of the model in the direction
of theoretical bases. In doing so, the model is determined by fixing or releasing certain parameters (factor
coefficients, factor correlation coefficients, variance-covariance of the measurement error) in line with
the theoretical expectations of a researcher. This is followed by an analysis of the fit statistics obtained
from the estimations of the collected data set and model parameters by using certain programs (AMOS,
LISREL, etc.). By using different fit statistics (Chi-Square Goodness of Fit, Goodness-of-Fit Index-GFl,
the Root Mean Square Error of Approximation-RMSEA, Residual Averages and Root Mean Square
Residual-RMR, Comparative Fit Index-CFl, Normalized Compliance Index-NFI and Non-Normative
Compliance Index-NNFI and Parsimony Goodness-of-Fit Index-PGFI), the analysis is continued by
evaluating the resulting model fit. If the fit indices cannot meet the acceptance levels, the modification
indices must first be evaluated and, if necessary, the model must be redefined and the process must be
repeated from the first step. Factor structure, the number of factors, the degree to which each item has a
high load to which factor, the model supported by a previous study or a developed theory, and even the
amount of error should be implicitly defined.

As in all other statistical methods, the leading issue to be questioned before the factor analysis is at what
measurement level the data are collected. Theoretical bases and methods used for factor analysis with
continuous variables have been fairly developed. In practice, however, some of the observed and/or
measured variables are at the level of ordinal scale, which is often overlooked and is incorrectly treated
as if they had the numerical metric property representing the sequential categories like 1, 2, 3, 4
(Joreskog & Moustaki, 2001). The use of appropriate statistical techniques by accepting the data
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obtained from these scales as if they are at interval levels, especially due to the item response formats
of the scales (Likert type, etc.), which are used frequently in all fields covered by social sciences has
been criticized in advance. Researchers who have expressed this criticism indicate that the data obtained
from such scales are at the ordinal level of measurement and that appropriate statistical technigues
should be used for these data (Stevens, 1946; Thomas, 1982; Jamieson, 2004). When the ordinal scale
level variables considered, the necessity of using "tetrachoric" (for two categorical data) or "polychoric"
(for three or more categorical data) correlation matrices have been emphasized, while estimating the
relationship between variables or conducting correlation-based analysis (Holgado-Tello, Chacon-
Moscoso, Barbero- Garcia, & Vila-Abad, 2010; Uebarsax, 2015). Jéreskog and S6rbom (2002) found
that the most consistent, reliable, and strongest predictors of factor analysis can be achieved by using
the polychoric correlation matrix. However, the Pearson correlation matrix is often used during the
application of both exploratory and confirmatory factor analysis used in the scale development and
adaptation processes. When the level of the relationship between categorical data are studied, various
reasons are suggested why Pearson correlations are not appropriate (Holgado-Tello et al., 2010). Firstly,
categorical variables are variables providing information at the level of ordinal scale, and Pearson
correlation requires measurements at equal interval level. The information obtained from categorical
variables is limited only to the number of observations per cell/categorization in the contingency table.
If Pearson correlation is used under these conditions, the restriction/limitation of
categorization/classification will lead to the artificial restriction/limitation of the relationship between
measurements (Guilley & Uhlig, 1993), all observations / persons placed on the intervals, where the
boundaries of each category determined, will be scored by accepting in one of the categories, which will
result in a reduction in variability, in other words, a loss of data, even if the data are actually different
from each other. Considering that in homogeneous samples, Pearson's correlation gets lower values than
usual, the restrictions/limitations arising from this way of assigning scores to the
observations/individuals will cause to determine the degree of the relationship between the observed
variables lower as well, and consequently it will cause a decline/decrease in the factor loadings obtained
by factorization of the correlation matrix (DiStefano, 2002). For this reason, when factor analysis will
be used to test the validity of an instrument, it is of paramount importance that the measurement level
at which the data is collected is taken into account. On the other hand, frequent use of the Pearson
correlation matrix in analyses is due to the fact that researchers do not have enough knowledge about
the subject or the limitations of the computer package programs they use. The best example of this is
the fact that IBM-SPSS (Statistical Package for the Social Sciences), one of the most popular statistical
package programs applied in the social sciences, does not recognize a preference for the correlation
matrix to be used during factor analysis, and uses Pearson correlation matrix as a default. Significant
amount of measurement error, especially random and systematic errors, are intermingled from different
sources, in social sciences, and distorting the estimates of the relationship between the variables involved
in the research, which leads to incorrect results. In this context, at the beginning of the negative
consequences of the use of different types of correlations in the statistical analysis in terms of
methodological investigations, it is possible that the researchers make mistaken inferences about the
construct validity, which is the cornerstone of the basic and applied sciences.

METHODOLOGY

This study is a descriptive research. Descriptive research is the study of describing existing conditions
without being interested in the relationships or differences between variables. In this context, descriptive
studies serve for the purpose of describing science, as well as to provide an insight into the production
of hypothesis for further researches (Erkus, 2013).
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Participants

A methodological comparison is planned in this research. The purpose of this research is neither to adapt
a new instrument from a different culture, nor to develop a new instrument. For this reason, it has been
deemed appropriate to carry out the methodological discussion through an instrument, which has been
already developed. The data obtained during the development process of the Gender Equality Scale
(GES), which was developed by Goziitok, Toraman and Acar Erdol (2017), were also used in this
research with the permission of the researchers. Therefore, the participants are the same participants
whose data were collected for the purpose of conducting exploratory and confirmatory factor analyzes
in the mentioned study.

In Goziitok et al. (2017) study, data were collected from two separate groups of high school students to
perform exploratory and confirmatory factor analysis. The group to collect data for the exploratory
factor analysis consists of 396 students and for confirmatory factor analysis consists of 265 students. It
was also noted that while groups were formed, groups were heterogeneous (different genders, different
class levels [9™, 10", 11" and 12" grade], in terms of cultural activities such as going to cinema, theater,
reading newspapers and books) and balanced group distribution in terms of gender.

Data Collection Tools

In this study, the Gender Equality Scale (GES), and the data collected for factor analysis during the
development of this scale were used.

Analysis of the Data

Goziitok et al. (2017) study was analyzed through IBM-SPSS based on the Pearson correlation matrix.
Typical analyses used in many scale development studies were used in this analysis. They are namely;
examination of item total correlations, Kaiser-Meyer-Olkin (KMO), Bartlett Sphericity test,
examination of eigenvalues, varimax axis rotation. The Cronbach Alpha reliability coefficient was used
to obtain evidence of reliability (Biiyiikoztiirk, 2013; Ozdamar, 2013). Factor analysis findings and
results of Goziitok et al. (2017) were used for comparison with the permission of researchers.

In the factor analysis, "FACTOR" software developed by Lorenzo-Seva and Ferrando (2006) was used
to obtain a comparative polychoric correlation matrix and to carry out the analyses. This software is
free, useful and small-only focuses on factor analysis. By means of this software, it is possible to obtain
a tetrachoric correlation matrix so that factor analysis of achievement tests, which can be coded as 0 and
1, can be realized. In addition, as in the case of Likert scales, which have multiple categories, a
polychoric correlation matrix can be obtained and factor analysis is carried out over this matrix. The
data file was uploaded onto the software and analyzed. In the analysis, the total correlations of the items
were examined, the eigenvalues were examined, the Kaiser-Meyer-Olkin (KMO) and Bartlett Sphericity
tests were performed, and the varimax rotation method was used when multiple factors were tested. The
reliability of the factor software and the model fit indices were taken into account.

The data collected for the CFA were transferred to the AMOS 22 program, and the analyses were carried
out with this program.
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FINDINGS

According to the researchers who argue that when the measurement instruments developed in social
sciences are at the ordinal scale, it is necessary to use the polychoric correlation matrix in the
development process of Likert scales (Holgado-Tello, Chacén-Moscoso, Barbero- Garcia, & Vila-Abad,
2010; Joreskog & Sorbom, 2002; Uebarsax, 2015). Based on this argument, the first analysis was
conducted without the number of factors being specified. The FACTOR software not only proposes
factor numbers, provides information on eigenvalues, but also gives information regarding the
contribution of the items (communality) to scale. As shown in Figure 1, after reviewing this information,
the number of factors and the items to be deducted from the analysis were decided.

The information about KMO and
Bartlett tests was examined.

Explained variances by each item =~ | | =---mmmmmmmmmmm s m e e e e e e L e e e N
were examined
ADEQUACY OF THE RELATION TRIX
\ Determinant &4 the matrix 6.000000004014751 -
B . . 7 _ . _ .
UNROTATED LOADTHG MATRTX \ Bartlett 5>tatl?t}_c ~ (7336.5 (df = 999; P - 0.09@@18)
Kaiser-Meyer-Olkin (KMO) test ) ©8.91987 (very good)
- - S, 7 ~
Variable I/C 1\: (Commumality BC Bootstrap 95% confidence interval of KMO =(( 9.913 9.913) )
AN vy - _
Vv 1 -8.513 ( D B e
v o2 8.319  (@.182 )
vV 3 -8,481 @8.231 C .
v o2 _8.598 @358 Ghe reliability of the scale was exa[mnedj
Vv 5 8.572 a.328
\ 6 -8.685 a.47a ) +
Vv 7 0.168 ( 0.0826 ) EXPLATNED VARIANCE AND RELIABILITY
vV 8 8.787 "8.619
v 9 -8.858 B.737 ten Berge & Hofstee (1999)
Vv 18 -8.747 @.558
v 8.574 8.338 Component  Variance Proportion of Relizbility estimate
v 12 9.494 9.244 variance
vV 13 -8,444 @.197
v 14 9.533 9.230 1 15.688 0.347 ( @957 )
v 15 -9.899 8.91a e
vV 16 0.658 LR N
v 17 -8.487 0.238
v 18 -0.450 8.202 — -
Vv 19 9,335 8.112 Fit indices were examined.
vV 28 -8.667 a.444
v o21 8.03@ @a.e01 \
g ™
14 Root Mean Square of Residuals (RMSR) =\ 9.8944 )
BC Bootstrap 95% confidence interval of RMSR = ( ©.088 9.112)
The loadings of the items under the Expected mean value of RMSR for an acceptable model = ©.89503 (Kelley's criterion)
factor were examined.
Note: if the value of RMSR is much larger than Kelley's criterion walue the model

Weighted Root Mean Sguare Residual (WRMR)
BC Bootstrap 95% confidence interwval of WRMR

9.1918 (values under 1.9 ha
( ©.180 8.203)

Figure 1. Analysis output file of "FACTOR" software

At the end of the contribution evaluation, where the input values and the items are scaled without
specifying the factor number; it is understood that items 1, 2, 3, 7, 12, 13, 14, 15, 17, 18, 19, 21, 22, 29,
35, 37, 38, 39, and 40 contributed to the factor (lower than 0.300) with low correlation level. By
removing these items and having known the factor structure of the scale in Goziitok et al. (2017) study,
the analysis was repeated with two factors.
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Variable Real-data Mean of random 95 percentile of random
eigenvalues eigenvalues eigenvalues EXPLAINED VARIANCE BASED ON EIGENWALUES
—
1 ;/ 13.14182* \ 1.68374 1.78793 Variable Eigenvalue Proportion of Cumulative Proportion
2 | 1.56828 | 1.57285 1.64239 Variance of Variance
30N l.22e47 o 1.49474 1.55430
4 1.89954 1.42718 1.48387 1 13.14182 50545 (9.50545 )
3 0.86619 1.36827 1.41652 2 1.56820 0.06032 (8.56577 )
6 8.76686 1.36029 3 1.22047 0.04694
7 €.73194 1. 1.39579 4 1.89954 8.94229
8 9.66534 1.25088 5 2 .86619 8.83331
9 @.60133 1.1e456 1.20487 6 0.76686 9.@2949
10 @.57966 1.12175 1.15873
11 @.56325 1.87735
12 0.50336 1.83517 ¢
13 9.44584 8.99469
14 8.42507 8.95587 . - . . o oncE
15 2. 36862 0.91563 9. 95192 Ttis 1mdf:1stpod that single factor explam.s the \-anflblllw
16 9.35242 9.87684 0.91342 of 50%, while two factors together explain the variability
17 8.33334 8.83872 9.87492 of 57% of the "Social Gender Equality", which is the
18 ©.29360 0.80076 B8.83775 feature to be measured.
19 8.26727 8.76125 8.79698
20 @.24434 ©8.72384 B8.76236
21 @.23116 2.68334 8.72178 \
22 ©.19833 0.64217 B.68285
23 @.16893 @.59847 9.63673
24 @.15654 ©.55234 B8.59528 P
25 @.11302 8.50139 9.54843 In contrast to the two-factor analysis, "FACTOR" software
26 .89356 0.43049 0.48895 has suggested single factor.
\’—\-
* Advised number of dimensions:| 1 |
\ J

Figure 2. Analysis results obtained from "FACTOR" software by attempting two factors

As seen in Figure 2, the single factor, explained the 50% of the variability in SGE. The software
suggested that analysis should be with single factor. The analysis was continued with a single factor
structure. The results obtained were summarized in table 1.

Table 1.
Exploratory factor analysis and reliability analysis results based on polychoric correlation matrix
Item No Item Loadings Item Total Correlation Item No Item Loadings Item Total Correlation

M4 -0.609 0.370 M27 0.796 0.633
M5 0.584 0.341 M28 0.847 0.718
M6 -0.692 0.478 M30 -0.711 0.505
M8 0.801 0.641 M31 -0.721 0.520
M9 -0.870 0.757 M32 0.704 0.496
M10 -0.765 0.586 M33 0.805 0.648
M11 0.594 0.353 M34 -0.581 0.337
M16 0.662 0.438 M36 -0.624 0.389
M20 -0.672 0.451 M41 0.769 0.592
M23 -0.622 0.387 M42 -0.549 0.302
M24 -0.572 0.327 M43 0.805 0.648
M25 -0.702 0.493 M44 0.827 0.684
M26 -0.696 0.485 M45 0.750 0.562

Kaiser Meyer Olkin (KMO) = 0.941

Bartlett = 4737,0, sd = 325, p<.01

Variance Explained by Single Factor = 0.505
Reliability = 0.961

When Table 1 is examined, it is seen that the loading values of the remaining 26 items do not fall below
0.549 and the item total correlation does not fall below 0.327. It has been seen that the items 4, 6, 9, 10,
20, 23, 24, 25, 26, 30, 31, 34, 36 and 42 have negative correlation values. In fact, some of these items
are negative or have a negative meaning. Others do not have a negative meaning or are not negative.
However, if the scale will become a single structure with all of the remaining materials after the analysis,
it is possible that these items will be encoded negatively in order to make them meaningful.

KMO and Bartlett results of the structure in Table 1 show that it is within the accepted values in the
literature. The value of reliability is at the desired level that is sought in social sciences. The variance
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explained by the single factor is within the acceptable boundaries according to some authors
(Biiyiikoztiirk, 2013) while it cannot be accepted by others (Ozdamar, 2013).

It is seen that Pearson's correlation matrix-based factor analysis results differ from the results based on
the polychoric correlation matrix. Pearson's correlation matrix-based factor analysis results are
summarized in Table 2.

Table 2.
Exploratory factor analysis and reliability analysis results based on Pearson correlation matrix
Item Loadings After Rotation

Item No Factor Item Total Correlation

Factor | Factor 11
M11 Factor 1 0,463 0,452
M27 Factor 1 0,654 0,709
M28 Factor 1 0,710 0,652
M33 Factor 1 0,673 0,667
M41 Factor 1 0,632 0,582
M43 Factor 1 0,691 0,758
M44 Factor 1 0,672 0,848
M45 Factor 1 0,628 0,801
M12 Factor 2 0,400 0,535
M14 Factor 2 0,479 0,619
M16 Factor 2 0,620 0,734
M22 Factor 2 0,333 0,632
M32 Factor 2 0,623 0,542

KMO = 0,922

Bartlett Sphericity (X2) = 2072,965; sd=78, p<0.01
Variance Explained by Factor 1 = %32,780

Variance Explained by Factor 2 = %20,051

Variance Explained by Both Factors Together= %52,831
Cronbach Alpha = 0,889

When the results in tables 1 and 2 are evaluated, it is seen that they are quite different. In the factor
analysis based on the polychoric correlation matrix, items 4, 6, 9, 10, 20, 23, 24, 25, 26, 30, 31, 34, 36
and 42, which are shown with negative correlations, were removed from the scale in the Pearson
correlation matrix-based factor analysis. Social gender equality’s explained variance is close in both
analyzes. KMO and Bartlett values and reliability values are at the desired level in both analyses
(Biiyiikdztiirk, 2013; Ozdamar, 2013).

In accordance with the results obtained from the polychoric correlation matrix with the FACTOR
software that are shown in table 1, the items 4, 6, 9, 10, 20, 23, 24, 25, 26, 30, 31, 34, 36, and 42 were
reverse coded by returning to the same data set in the SPSS program. After this coding, in the SPSS
software, additivity analysis was performed for 26 items and single factor structure that FACTOR
software revealed. The results are summarized in table 3.

Table 3.
Results of additivity analyses of GES (Structure obtained by polychoric correlation matrix-based factor analysis)
Variance Source Sum of Squares Mean of Squares F sd p
Nonadditivity 20.645 20.645 20.711 1 0.000

As a result of the analysis, the non-additivity state is meaningful in the structure consisting of 26 items
and one dimension (Tukey Non-additivity p<.05). In this case, additivity is meaningless (Ozdamar,
2013). In short, the structure is not in additivity state. The two-dimensional structure obtained by
Goziitok et al. (2017) shows additivity. This difference can be explained by the fact that the Pearson
correlation matrix accepts the data set at interval level and attempts to reach a scale with an additivity
structure. However, the criterion of additivity for a scale structure of an ordinal measurement level is a
weak one.
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The structure obtained as a result of exploratory factor analysis based on the polychoric correlation
matrix for GES is shown in table 1. For this structure, confirmatory factor analysis was applied with the
unweighted least square (ULS) method. Unweighted least square (ULS) method is used for confirmatory
factor analysis based on polychoric correlation (Katsikatsou, Moustaki, Yang-Wallentin, & Joreskog,
2012). Confirmatory factor analysis with this method did not confirm the structure.

It has been determined that the two-dimensional structure obtained by Goziitok et al. (2017) has had
close results with the fit indices obtained by Goziitok et al. (2017) when using confirmatory factor
analysis by unweighted least square-ULS method. The results are summarized in table 4.

Table 4.
Fit indices after CFA
Estimation e sd y%sd RMSEA AGFI RMR NFI
Pearson Maximum Likelihood 97,01 53 1,83 0,056 0,92 0,062 0,97
Unweighted Least Square 100,22 64 157 0,046 0,99 0,067 0,99

When table 4 is examined, it has been determined that the estimations made with the maximum
likelihood and unweighted least square methods give very close fit index results. Kogar and Yilmaz
Kogar (2015) stated that unweighted least squares (ULS) method used in confirmatory factor analysis
of ordinal data is a suitable technique for estimating parameters with a minimum number of repetitions
and estimating the parameters. Similar results have also been obtained in this study.

DISCUSSION and CONCLUSION

This study aims to compare the effect of using the Pearson or the polychoric correlation matrix on the
analysis results in the process of developing the likert type scales in order to provide evidence of
construct validity.

In studies conducted in the fields of social and behavioral sciences, all measurements have a degree of
uncertainty/error regardless of precision and accuracy, which causes randomly and/or systematically,
and consequently, these problems are reflected in the results. Especially in the analyses carried out while
collecting evidence of reliability and validity of Likert type scales developed to be used as data collection
instruments in scientific researches or adapted from one culture to another, it was found that using
different correlation matrices could increase the error that would cause confusions in the results, and
they may lead to a misinterpretation of the construct validity evidence, which is regarded as the most
important of the validity types by many researchers (Cronbach & Meehl, 1955; Cronbach, 1984;
Messick, 1988, 1993; Sencan, 2005; Urbina, 2014). Moreover, this situation will inevitably effect the
results of subsequent studies carried out using the corresponding scales.

Similar to the previous studies carried out with simulated data (Holgado-Tello et al., 2010), it is seen in
this real data used study that different correlation matrix based factor analyses results were found to
differ from each other. In comparison to the previously held studies carried out with simulated data, this
study is based on real data, and it also handles new discussions on number of items, items ‘additivity
states. As such, it differs from the previously held studies.

The findings of this study can be summarized as follows: As a result of the analyses carried out using
the Polychoric or Pearson correlation matrix,

1) The items showed different "total item correlation" and "loading values".
2) The items could show a different (negative or positive) correlation coefficient.
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3) Different factor numbers emerged.

4) Whether or not the resulting sub-dimensions’ (factors) possibility of being additive or non-additive
states have changed.

5) Different items were removed out of the scale.

6) Being confirmed and not confirmed status of the structure’s being tested, has changed.

7) It was determined that estimations made by the maximum likelihood and unweighted least square
methods have given very close fit index results.

All of these results clearly show that when the analyses are carried out with the data obtained from the
Likert type scales, the results differ greatly from each other when the analyses are conducted by
grounding Pearson correlation matrix at the interval measurement level or by grounding the polychoric
correlation matrix, in which the data are accepted at the ordinal measurement level. From the perspective
of the differences revealed by this study, which has conducted in terms of factor analysis, especially
specific to construct validity; for researchers, who will use Likert-type scale or scales in their studies as
a means of data collection by developing, and/or adapting, it is recommended to use both Pearson or
polychoric correlation matrices for aforementioned analyses, and to compare the results by taking into
account the theoretical background of the psychological feature they aim to measure. It is better to decide
on which results they will choose, and the final construct they will prefer according to this comparison.
Yet, the existence of two different structures will cause the view that the instruments developed and/or
adapted for measurement do not actually measure the claimed psychological property, but measure a
different property, or cause significant errors in the measurement results.

In the literature, there is a variety of information about the minimum number of participants required
for the factor analysis applications in the measurement instrument development process. For example,
Kline (2005) recommended at least 100; Hutcheson and Sofroniou (1999) stated at least 150 to 300 and
Cattell (1978) claimed the desirable N to be at least 250 participants. Comrey and Lee (1992) described
100 participants as poor, 200 as moderate, 300 as good, 500 as very good and 1000 and more as
excellent. Cattell (1978) emphasized that the number of participants in the factor analysis should be 3
to 6 times the number of the items and Gorsuch (1974) stated that it should be at least 5 times. Everitt
stated that the number of participants should be at least 10 times the number of items (as cited in
Arrindell and van der Ende, 1985, p. 166). The data set used in this study can be said to be obtained
from a sufficient number of individuals according to the literature. The results showed that when worked
with the proper sample size suggested by the literature, the solutions with Pearson correlation matrix
give proper results.

Even though a real data set was used, one limitation of this study is the fact that the results of the factor
analysis of the correlation matrices were discussed from a single data set. Performing methodological
comparisons over more real data sets will help to make a healthier decision about which of the Pearson
or polychoric correlation matrices is proper. Therefore, it is recommended to repeat this methodological
comparison with different data sets within the scope of different studies. When performing factor
analysis, discussing the results of the data sets which are below the sufficient sample level, can also
support to make healthier decisions about the effectiveness of the methods as well. In this sense, it is
recommended to repeat similar comparisons over different sized data sets.

This study is only limited to some of the results of factor analysis. Apart from them, other issues that
are not taken into account both within the scope of factor analysis (such as cross loadings of items,
different estimation methods, different types of rotations, whether different number of categories in the
response format differ the results or not, etc.), and within the scope of analyses to obtain evidence of
reliability, which is another important psychometric property for psychological measurement tools, and
also within the scope of all other correlation-based analyses whether they are effected or not according
to the used correlation matrix, can be studied with new studies.
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TURKCE GENISLETILMIiS OZET

Psikolojik 6lgme araglari, genelde insan davraniglarini konu edinmis pek ¢ok sosyal bilim dalinda,
ozellikle psikoloji, egitim, sosyoloji ve psikiyatride kullanilir. Genel anlami ile psikolojik testler
bireylerin yetenekleri, becerileri, performanslari, giidiileri, tutumlar1 hakkinda bilgi veren ve bunlardan
elde edilecek verilere gore ¢esitli kararlarin alinmasina yardimci olan sistematik yaklasimlardir.

Tirkiye’de degisik amaclarla gelistirilmis ya da uyarlanmis ¢ok sayida 6lgme aract bulunmaktadir.
Yapilacak yeni arasgtirmalarda kullanilmak iizere, var olanlara ek olarak ozellikle farkli psikolojik
ozellikleri 6lgen, farkli 6rneklemler, farkli yas gruplar vb. igin kullanilabilecek yeni 6lgme araglarina
da ihtiya¢ duyulmaktadir. Bu ihtiyag ise, yeni 6l¢me araglarinin gelistirilmesi ya da uyarlanmasi yolu
ile kargilanmaktadir. Her iki yontemin de avantajli ve dezavantajli yonleri bulunmakla birlikte, asil
onemli olan bu araglar i¢in gerekli gecerlik, giivenirlik ve hatta miimkiinse standardizasyon
caligmalariin uygun yontemlerle ve bu yontemlerin de dogru siirecler izlenerek yapilmis olmasidir.
Ciinkii yapilan bir bilimsel ¢aligmanin teorik altyapisit ne kadar saglam olursa olsun veri toplamak
amaciyla kullanilan 6lgme araglart gerekli psikometrik nitelikleri tasimiyorsa o ¢aligma ile ulasilacak
bulgularin yorumlanmasinda giliven problemi olacak, bu araclarin uygulanmasindan elde edilen
sonuclarla yanlis kararlar alinmasi ise kagmilmaz olacaktir. Olgek gelistirme ya da uyarlama
calismalarinda, kuskusuz en 6nemli adimlardan biri, gelistirilen ya da uyarlanan aracin psikometrik
niteliklerine dair deneysel gecerlilik kanitlariin ortaya konmasidir. Bu baglamda, séz konusu aracin
Olcmeyi amagladigi 6zelligi tam ve dogru bir sekilde dlgiip 6lgmedigine iliskin bir sorgulamanin
yapilmas1 gerekmektedir. Olgege ait diger psikometrik niteliklerin belirlenmesi bu sorgulamanin
ardindan yapilabilecek ve dlgegin uygulanmasindan elde edilecek puanlara dair saglikli kararlar da
ancak, aracin gegerliligine iliskin kanitlar dogrultusunda alinabilecektir.

Her ne kadar kapsam, yordama, zamandag/es-zamanli ve yap1 gegerliligi olmak tizere 4 kategori altinda
tanimlanmig olsa da gilinlimiize kadar siire gelen tartismalar icerisinde gecerlik kavraminin, yapi
gecerligi catist altinda toplanmasi gerektigini savunan arastirmacilar olmustur (Cronbach ve Meehl,
1955; Cronbach, 1984; Messick, 1988, 1993; Sencan, 2005; Urbina, 2014). Birgok arastirmaci
tarafindan da yap1 gecerligi, bu tiir gecerlige ait kanit elde etmek amaciyla en sik kullanilan yontem olan
faktor analiziyle iliskilendirilmis, hatta yapi gecerliligi kavramui yerine faktdr gegerliligi kavramim
kullanmislardir (Nunnally ve Bernstein, 1994).

Davranis bilimlerinde 6l¢ek gelistirme ve uyarlama ¢aligmalarinda; yapi gegerligine iliskin kanitlarin
ortaya konmasi, faktdr yapilarinin ortaya ¢ikarilmasi ya da daha onceden kestirilen faktor yapilariin
dogrulanmas1 amaciyla Nunnally ve Bernstein’nin (1994, sf. 111), psikolojik yapilarin él¢iimiiniin kalbi
olarak tanimladigi, ¢ok degiskenli istatistiksel yontemlerden biri olan Faktoér Analizi (FA) kullanilir.
FA, diger ¢ok degiskenli istatistiklerle birlikte karmagik aragtirma sorularmin ele alindig1 ¢ok sayida
bilimsel ¢aligmada kullanilmaktadir. Elbette egitim, psikoloji, sosyoloji gibi sosyal bilim alanlarinda da
birden ¢ok degiskenin eszamanli calisildig: ve tek degiskenli istatistiksel iglemlerin agiklamakta yetersiz
kaldig1 durumlarda; ¢ok degiskenli varyans analizi, regresyon analizi, diskriminant analizi, ¢ok boyutlu
Olcekleme ve faktor analizi gibi ¢cok degiskenli yontemlere ihtiya¢ duyulmaktadir. Bu yontemlerin bir
arada, bilimsel arastirmalarda ele alinan konularin kavramsal temellerinin ve nedensellik ilkelerinin
anlasilmasina agilan kemer seklinde bir yap1 olusturdugunu varsayarsak, bu yapinin kilit taginin “faktor
analizi” oldugu soylenebilir. Tiim istatistiksel yontemlerde oldugu {izere faktor analizi i¢in de analiz
oncesinde sorgulanmasi gereken hususlarin en basinda verilerin hangi 6lgek diizeyinde toplandigi
gelmektedir. Siirekli degiskenlerle faktor analizi igin kuramsal dayanaklar ve kullanilan yontemler
oldukga gelismistir. Ancak pratikte, gézlenen ve/veya odlgiilen degiskenlerin bir kismi siralama olgegi
diizeyindedir ve bu durum siklikla g6z ardi edilmekte ve dogru olmayan bir sekilde 1, 2, 3, 4 gibi sirali
kategorileri temsil eden sayilara metrik &zellige sahipmis gibi davramlmaktadir. Ozellikle sosyal
bilimler kapsamindaki tiim alanlarda oldukea sik kullanilmakta olan 6lgeklerin (likert tipi vb.) madde
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OZDEMIR, TORAMAN & KUTLU; Likert tipi 6lgeklerin yapr gecerliginin belirlenmesi siirecinde polikorik ve Pearson
korelasyon matrisinin kullanimi

cevap formatlarindan kaynakli olarak, bu 6l¢eklerden elde edilen verilerin esit aralikli 6lgek diizeyinde
kabul edilerek buna uygun istatistiksel tekniklerin kullanilmasi, dnceden beri elestirile gelmis bir
durumdur. Bu elestirileri ortaya koyan aragtirmacilar s6z konusu dlgeklerden elde edilen verilerin
siralama Olgegi diizeyinde olduklarint ve bu veriler i¢in uygun istatistiksel tekniklerin kullanilmasi
gerektigini belirtmektedirler. Siralama 06lcegi diizeyinde degiskenler s6z konusu oldugunda bu
degiskenler arasindaki iligskinin tahmin edilmesinde ya da bu degiskenler kullanilarak yapilacak iliski
temelli istatistiksel analizlerde “tetrakorik” (iki kategorili veriler igin) ya da “polikorik™ (ii¢ veya daha
cok kategorili veriler igin) korelasyon matrisleri kullanilmasi gerekliligi vurgulanmaktadir. Faktor
analizi kapsaminda en tutarli, en saglikli ve en giiglii kestirimlerin polikorik korelasyon matrisi
kullanilarak yapilabildigi ortaya konulmustur. Ancak o0l¢ek gelistirme ve uyarlama siireclerinde
kullanilan hem kesfedici hem de dogrulayici faktdr analizinin uygulanmasi sirasinda genellikle Pearson
korelasyon matrisinden faydalanilmaktadir. Olgme aracinin yap1 gegerliginin test edilmesi amaciyla
faktor analizi kullanilacagi zaman, verilerin toplandig1 dlgek diizeyinin goz Oniinde bulundurulmasi
biyilk Onem tasimaktadir. Diger taraftan analizlerde Pearson korelasyon matrisinin siklikla
kullanilmasi, arastirmacilarin konuyla ilgili yeterli bilgiye sahip olmamasindan ya da kullanmakta
olduklarn bilgisayar paket programlarinin sinirliligindan kaynaklanmaktadir.

Bu aragtirmanin amaci, sosyal bilimlerde gelistirilen likert tiirii 6l¢eklere, 6lgek gelistirme siirecinde
yap1 gecerligi kaniti saglamak amaciyla uygulanan faktdr analizi kapsaminda Pearson ya da polikorik
korelasyon matrisi temelli analizin gergeklestirilmesinin, analiz sonuglar1 {izerindeki etKisini
karsilagtirmaktir.

Faktor analizinde Pearson ya da polikorik korelasyon matrisi kullanmanin analiz sonuglar1 iizerindeki
etkisini incelemeyi ve analiz sonuglarini karsilagtirmayi temel alan bu arastirma betimsel tiirde bir
aragtirmadir. Betimsel aragtirmalar iligkiyi ya da farki merak etmeyen, neyin ne oldugunu saptamaya
doniik ¢alismalardir. Bu bakimdan betimsel ¢alismalar, bilimin betimleme amacina hizmet etmekte ve
ayni zamanda sonraki arastirmalar i¢in denence liretmeye yonelik 6ngorii saglarlar.

Sosyal ve davranis bilimleri alanlarinda yapilan g¢alismalarda Olglimlere siklikla rastgele ve/veya
sistematik hatalar karigmakta, buna bagli olarak ulasilan sonuglara da bu sorunlar yansimaktadir.
Ozellikle bilimsel arastirmalarda veri toplama araci olarak kullanilmak {izere gelistirilen veya farkli bir
kiiltiirden bir digerine uyarlanan Likert tipi olceklerin gecerlik ve giivenirlik kanitlar1 toplanirken
yiiriitiilen analizlerde, farkli korelasyon matrisi kullaniminin sonuglara karigacak hatay1 artirabilecegi
ve bunun da en basta bir ¢ok arastirmaci tarafindan gegerlik tiirlerinin en 6nemlisi olarak goriilen yap1
gecerligi kanitlarinin yanlhs yorumlanmasina yol agabilecektir. Dahast bu durum, s6z konusu dlgekler
kullanilarak yiiriitiilecek sonraki ¢aligmalarin sonuglarina da kaginilmaz olarak yansiyacaktir.

Daha 6nce yapilan ve simiilatif verilerle yiiriitiilen ¢alismalarda oldugu gibi, gergek verilerin kullanildig1
bu ¢aligmada da farkli korelasyon matrisi temelli faktdr analizi sonuglarinin birbirinden farklilagtig
goriilmiistiir. Daha once yapilan ve simiilatif verilerle yiiriitilen ¢alismalarda (Holgado-Tello ve
digerleri, 2010) oldugu gibi, gergek verilerin kullanildigir bu ¢alismada da farkli korelasyon matrisi
temelli faktor analizi sonuglarinin birbirinden farklilagtig1 goriilmiistiir. Bu ¢alisma kapsaminda ulagilan
bulgular su sekilde 6zetlenebilir: Polikorik ya da Pearson korelasyon matrisi kullanilarak yiiriitiilen
analizler sonucunda,

1) Maddeler farkli “madde toplam korelasyonu” ve “yiik degeri” gdstermistir.

2) Maddeler farkli yonde (negatif ya da pozitif) korelasyon degeri gosterebilmistir.

3) Farkli faktor sayilari ortaya ¢ikmugtir.

4) Ortaya cikan alt boyutlarin (faktor) toplanabilir olup olmama durumlar1 degismistir.

5) Farkli maddeler 6lgek dis1 birakilmustir.

6) Test edilen yapinin dogrulanip dogrulanmama durumu degismistir.

7) Maximum likelihood ve unweighted least square yontemi ile yapilan tahminlemelerin birbirine ¢ok
yakin uyum indeksi sonuglar1 verdigi belirlenmistir.
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